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Abstract

We present the results of the WMT 2026 shared
task of the Open Language Data Initiative
(OLDI). Participants were invited to contribute
to the massively multilingual open datasets sup-
ported by OLDI, FLORES+ and OLDI Seed,
or to create new resources in line with OLDI’s
ethos. We accepted ten submissions: five ex-
tending FLORES+, and five extending other
open and massively-parallel datasets (BOU-
QuET, Seed, SMOL, and WMT24+). These
contributions advance the coverage and quality
of multilingual datasets, especially for under-
served language varieties. All contributions
are released under permissive open-source li-
censes.

1 Introduction

Recent advances in machine translation (MT) and
other multilingual natural language processing
(NLP) tasks depend on a sufficient quantity of train-
ing data in the languages of interest, as well as
high-quality evaluation data to measure progress
in a meaningful way (Kocmi et al., 2025). How-
ever, such data is only available for a small num-
ber of the world’s language varieties, limiting
high-performance NLP applications to the well-
resourced few (Joshi et al., 2020). The question
then is how to expand data coverage, and conse-
quently NLP access, to language communities that
are missing out?

The Open Language Data Initiative (OLDI) aims
to empower language communities to contribute
to the key datasets underlying NLP technologies.
It champions open data so that more researchers
and communities can benefit from multilingual
resources. As part of this, OLDI manages two
open and massively-multilingual datasets, FLO-
RES+ and Seed (described in Section 2), as well as

supporting work to create and expand other open
corpora in line with its objectives.

This paper describes the third shared task of
OLDI, run as part of the Eleventh Conference on
Machine Translation (WMT 2026). Like previ-
ous iterations (Burchell et al., 2024; Dale et al.,
2025), the primary goal of the shared task was
to expand the high-quality, massively-parallel and
open-source datasets underpinning the develop-
ment of multilingual applications. Contributions
could consist of adding new language varieties to
existing datasets, substantial improvements to ex-
isting datasets, or novel datasets compatible with
the aims of OLDI. This year, the shared task re-
ceived ten submissions covering thirteen language
varieties, expanding five existing datasets. All con-
tributions are publicly available under permissive
licenses.

2 Datasets

In the third iteration of the OLDI shared task, par-
ticipants contributed to five datasets: FLORES+
and Seed, which are managed by OLDI, as well
as the independently-owned datasets BOUQuET,
Seed, SMOL, and WMT24+.

2.1 FLORES+

FLORES is a family of datasets designed to bench-
mark multilingual translation, with many-to-many
alignment across over 200 languages. It consists
of translations of English sentences sampled in
equal amounts from Wikinews (an international
news source), Wikijunior (a collection of age-
appropriate non-fiction books), and Wikivoyage
(a travel guide). There are two public splits: dev
(997 sentences) and devtest (1012). The first iter-
ation of this dataset covered only three languages
(Guzmán et al., 2019), but following iterations in-
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creased coverage first to 101 languages (FLORES-
101, Goyal et al., 2022) and then to over 200 lan-
guages as part of the “No Language Left Behind”
project (NLLB Team, 2024).

Previous iterations of this task and ongoing vol-
unteer effort have added further languages as well
as correcting existing data (Burchell et al., 2024;
Dale et al., 2025; Doumbouya et al., 2023; Gala
et al., 2023; Perez-Ortiz et al., 2024; Abdulmumin
et al., 2024; Ali et al., 2024; Kuzhuget et al., 2024;
Yu et al., 2024; Mamasaidov and Shopulatov, 2024;
Gordeev et al., 2024; Frontull et al., 2025; Oktem
et al., 2025; Mamasaidov et al., 2025; Mæhlum
et al., 2025; Rajcoomar, 2025; Zhang et al., 2025;
Samil and Adelani, 2026). This living version of
the benchmark is released as FLORES+1 under the
CC BY-SA 4.0 license.

2.2 OLDI Seed
The NLLB-Seed dataset of NLLB Team (2024) was
created as a source of starter data for languages
without publicly-available high-quality bitext in
sufficient quantity for training NLP models. This
dataset consists of around 6000 sentences sampled
from the Wikipedia articles listed in English Wiki-
media’s “List of articles every Wikipedia should
have”.2 These were professionally translated into
each of the 38 languages covered by the first iter-
ation of this dataset (39 if including English), and
experiments by Maillard et al. (2023) demonstrated
the gains of including these datasets in the training
mix of MT models.

Like FLORES+, previous iterations of this
shared task and ongoing volunteer effort have ex-
panded the original data (Doumbouya et al., 2023;
Ahmed et al., 2024; Ferrante, 2024; Cols, 2024;
Marmonier et al., 2025; Jumashev et al., 2025;
Oktem et al., 2025). The living version of this
benchmark is released as OLDI Seed3 under the
CC BY-SA 4.0 license.

2.3 BOUQuET
BOUQuET is a multi-way parallel, multi-centric
and multi-register/domain dataset and benchmark
for MT quality (Andrews et al., 2025). It consists
of short paragraphs, fully parallel in all languages
at the sentence level, in two public splits: dev (504

1https://huggingface.co/datasets/
openlanguagedata/flores_plus

2https://meta.wikimedia.org/wiki/List_of_
articles_every_Wikipedia_should_have

3https://huggingface.co/datasets/
openlanguagedata/oldi_seed

unique sentences, 120 paragraphs) and test (854
unique sentences, 198 paragraphs). The underlying
texts have been handcrafted by linguists in eight
diverse languages (Egyptian Arabic, French, Ger-
man, Hindi, Indonesian, Mandarin Chinese, Rus-
sian, and Spanish) and translated to English and
266 other language + script combinations. The
dataset is intended to be extensible to virtually any
other written language and is open to volunteer con-
tributions. BOUQuET is managed by Meta FAIR
and released under the CC BY-SA 4.0 license.4

2.4 SMOL

SMOL is a multi-way parallel training dataset with
high lexical coverage (Caswell et al., 2025). The
first part of the dataset, SMOLSENT, is based
on 863 English sentences semi-manually selected
from Common Crawl data5 to cover 5.5k of the
most common English words (obtained by join-
ing the GATITOS wordlist (Jones et al., 2023)
and the most frequent words in Common Crawl).
These sentences were then professionally translated
into 88 languages. The second part of the dataset,
SMOLDOC, is based on 584 English documents
generated by a large language model (LLM) using
prompt templates to ensure diversity of topics and
styles. These were professionally translated from
English into 115 languages, then volunteers con-
tributed additional translations to bring the total
number of languages to 123. SMOL is managed by
Google Research and released under the CC BY
4.0 license.6

2.5 WMT24++

The WMT24+ dataset (Deutsch et al., 2025) was
created by translating the test dataset from the
WMT24 General MT shared task (Kocmi et al.,
2024) from English to 54 other languages. The 998
paragraph-sized English source documents come
from four different domains: literary, news, social,
and transcribed speech. Thus, WMT24+ is mostly
complementary to FLORES+ in document sizes
and domains (though news is an overlapping do-
main). WMT24+ is managed by Google Research
and released under the permissive Apache License
2.0.7

4https://huggingface.co/datasets/facebook/
bouquet

5https://commoncrawl.org/
6https://huggingface.co/datasets/google/smol
7https://huggingface.co/datasets/google/

wmt24pp

https://huggingface.co/datasets/openlanguagedata/flores_plus
https://huggingface.co/datasets/openlanguagedata/flores_plus
https://meta.wikimedia.org/wiki/List_of_articles_every_Wikipedia_should_have
https://meta.wikimedia.org/wiki/List_of_articles_every_Wikipedia_should_have
https://huggingface.co/datasets/openlanguagedata/oldi_seed
https://huggingface.co/datasets/openlanguagedata/oldi_seed
https://huggingface.co/datasets/facebook/bouquet
https://huggingface.co/datasets/facebook/bouquet
https://commoncrawl.org/
https://huggingface.co/datasets/google/smol
https://huggingface.co/datasets/google/wmt24pp
https://huggingface.co/datasets/google/wmt24pp
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3 Shared task description

As described in the introduction, we invited three
main categories of contribution: new language va-
rieties for existing datasets, substantial improve-
ments to existing datasets, or novel datasets com-
patible with the aims of OLDI. We were open to
contributions of new or extended datasets of transla-
tion quality annotations for under-served languages,
but we received no submissions of this type. We
describe the standard contribution process below.

3.1 Contributing to OLDI’s datasets
When contributing to the datasets managed by
OLDI, FLORES+ and Seed, we encouraged partic-
ipants to translate from the English data, so as to
minimise translation drift. Participants could trans-
late from a different language if necessary, but we
asked them to document this choice clearly. Where
possible, we asked participants to use translators
who were qualified, native speakers of the target
language, and to have at least one additional native
speaker verify the data. For FLORES+ translation,
we did not allow any use of MT output, including
post-editing, to avoid introducing any machine bias
in this evaluation dataset. For Seed, post-editing
was allowed as long as all outputs were verified
manually. Full translation guidelines are provided
on the OLDI website8 and copied to Appendix A.

We asked the participants to provide dataset
cards as part of their submissions, detailing pre-
cise language information and the translation work-
flow that was employed. In particular, we asked
them to identify the language with an ISO 639-3
individual language tag, the precise variety with
a Glottocode, and the script with an ISO 15924
script code. For example, the Val Badia variety of
Lombard is tagged as lld_Latn_badi1244.

Participants were encouraged to provide exper-
imental validation of the quality of the data they
were submitting. All contributions had to be re-
leased under open licenses matching the original
datasets e.g. CC BY-SA 4.0 for FLORES+.

3.2 Other contributions
We also accepted extensions and improvements to
other foundational, open, and multilingual datasets
in keeping with OLDI’s principles. We recom-
mended that the contribution workflow for these
submissions should follow OLDI’s as closely as
possible to ensure data quality and documentation.

8https://oldi.org/guidelines

4 Submissions

4.1 Shared task submissions

Table 1 summarises the contributions received as
part of the shared task. We received ten papers de-
scribing contributions to five datasets: FLORES+
(7 language varieties), BOUQuET (3 language va-
rieties), Seed (1 variety), SMOL (3 language vari-
eties), and WMT24+ (1 language variety). Overall,
participants made submissions for 13 different lan-
guage varieties. In the rest of this section, we give
a brief description of each submission.

Ahmed and Chakma (2026) translate the dev
and devtest part of FLORES+ into Chakma, a lan-
guage spoken in India and written in its own script
(part of Unicode). There are variants of the lan-
guage. The contribution represents the Bangladeshi
variety used by contributors from the Chittagong
Hill Tracts. The contribution is fully manual and
did not use any machine translation or large lan-
guage model. The source language is English.
Translations were reviewed by one of the authors.
There is no experimental validation of the data.

Ali et al. (2026) contribute three FLORES+ eval-
uation sets for Mozambican Bantu varieties: Xi-
changana, Mozambican Nyanja, and Sena (the first
FLORES+ entry for this 2M speaker language),
each translated from Portuguese by professional na-
tive translators and independently assessed. Since
South African Tsonga and Malawian Chichewa
share ISO 639-3 codes with varieties already in-
FLORES+, the authors score identical system out-
puts against both references, showing that existing
sets overestimate quality for Mozambican users by
7 to 9 spBLEU, with the gap driven by borrow-
ing source, orthography, and register rather than
ordinary translation errors. Fine-tuning NLLB-200
on around 30k Mozambican Bible verses recov-
ers most of the gap while degrading scores on
the sibling sets, confirming that the two references
measure genuinely different targets and motivating
variety-aware language tags (e.g., nya_Latn_MZ)
for cross-border Bantu languages.

Ibrahim (2026) extend the SMOL dataset with
two varieties of the Tigre language (a language
spoken in Eritrea and eastern Sudan): Modern
Standardized Tigre and its Mansa dialect (a classi-
cal literary norm). The translations from English
were pre-generated by an NLLB-based model and
post-edited and reviewed by volunteer contribu-
tors. Their validity was confirmed by fine-tuning
an NLLB-200 model with this data and observing

https://oldi.org/guidelines
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Language Variety ISO 639-3 ISO 15924 Glottocode Contributors Contribution

Chakma Bangladeshi (Chit-
tagong Hill Tracts)

ccp Cakm chak1266 Ahmed and Chakma
(2026)

FLORES+

Xichangana Gaza and Maputu
(Mozambican)

tso Latn chan1318 Ali et al. (2026) FLORES+

Nyanja Tete and Niassa
(Mozambican)

nya Latn nyan1308 Ali et al. (2026) FLORES+

Sena Central Lower-Zambezi
(Mozambican)

seh Latn nucl1396 Ali et al. (2026) FLORES+

Ladin Gherdëina lld Latn gard1241 Frontull et al. (2026) BOUQuET
Ladin Val Badia lld Latn badi1244 Frontull et al. (2026) BOUQuET
Tigre Modern Standardized

Tigre & Mansa literary
dialect

tig Ethi tigr1270 Ibrahim (2026) SMOL

Franco-
Provençal

Savoyard frp Latn savo1253 Marmonier et al.
(2026b)

FLORES+

French - fra Latn stan1290 Marmonier et al.
(2026a)

SMOLSENT

Lombard Eastern lmo Latn east2276 Signoroni and Rychlý
(2026)

FLORES+

Manipuri
(Meitei)

- mni Mtei mani1292 Singh (2026) FLORES+
devtest

Chechen - che Cyrl chec1245 Umishov and Grigo-
rian (2026)

SMOL,
BOUQuET,
WMT24++

Croatian - hrv Latn croa1245 Zundanović et al.
(2026)

Seed

Table 1: A summary of all dataset contributions to the WMT 2026 Shared Task of the Open Language Data Initiative.

its translation quality on a held-out subset increase.
Frontull et al. (2026) contribute BOUQuET

translations in two varieties of Ladin, Val Badia
and Gherdëina. Four native speakers, two per va-
riety, translated BOUQuET from the English and
German references via the official web interface,
using variety-specific spellcheckers. Translations
for the two varieties were then aligned side-by-side
to harmonise the terminology and the outputs were
checked by two reviewers. Additional validation re-
lied on automated metrics such as source/target ra-
tio checks, checking back-translations into English
against the English reference, and blind ranking the
Ladin references against automatic translations.

Marmonier et al. (2026a) translate the SMOL

sentence-level dataset from English into French by
manually post-editing translations from NLLB-200,
Gemma-4-31B, and DeepSeek V4 Pro. The candi-
dates were compared using reference-free MetricX
scores, with that the post-edited texts scoring signif-
icantly better than the MT candidates. The authors
intend to use the French SMOL translation as a pivot
for the regional languages of France, including the
experiments with Savoyard described below.

Marmonier et al. (2026b) translate FLORES+
from French into Savoyard, an endangered Arpitan
dialect spoken around the French–Italian–Swiss
alpine borders. The draft translations for the dev

split were generated with a French-Arpitan rule-
based Apertium system and post-edited by two
proficient speakers; the devtest split was trans-
lated from scratch. The authors use the dataset to
evaluate several systems for translation between
French and Savoyard: the copy-source baseline,
Apertium, a fine-tuned NLLB-200 model, and sev-
eral versions of Gemma 4. According to automatic
and human evaluations, Apertium leads for transla-
tion into Savoyard, while Gemma 4 is the best for
translating Savoyard into French.

Signoroni and Rychlý (2026) translate FLO-
RES+ from Italian into Eastern Lombard, an under-
represented variety of the Lombard language con-
tinuum (FLORES+ already had Western Lombard
translation). They use these translations to evaluate
several LLMs and MT models for translation of
English and Italian into Western and Eastern Lom-
bard. They find that the models tend to generate
the more represented Western variety even when
instructed otherwise, and that translation into both
Lombard varieties with any system does not sig-
nificantly outperform the copy-the-Italian-source
baseline.

Singh (2026) create a four-way parallel bench-
mark between English, Hindi, Meitei script Ma-
nipuri, and Bengali script Manipuri by transliterat-
ing the FLORES-devtest Bengali script Manipuri
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into Meitei script. This new split was produced
by two professional translators: one to transliter-
ate, and a second to review independently. They
use their benchmark to evaluate two dedicated MT
systems and five general purpose LLMs. They
find that evidence that differences in performance
across scripts reflects training data curation, mean-
ing that different systems vary in ability and failure
modes for the different scripts. They recommend
that script not be taken as constant across a lan-
guage’s benchmark entries, since conflating “Ma-
nipuri” scores across scripts without qualification
would obscure the models’ real-world performance.
They also highlight that failure modes are script-
specific, not just magnitude differences, and the
observed failures indicate data scarcity interacting
with architecture rather than uniform degradation.

Umishov and Grigorian (2026) add Chechen
translations to the BOUQuET, WMT24+, and
SMOL datasets. For all 3 datasets, Russian serves as
a pivot language to translate from. The authors val-
idate their datasets by fine-tuning a MADLAD-400
model using their SMOL translation and evaluating
it with WMT24+ and BOUQuET. On both bench-
marks, the quality of translation between Russian
and Chechen language improves.

Zundanović et al. (2026) post-edit machine
translations of Seed from English into Croatian.
They validate data quality by fine-tuning several
models from NLLB and Gemma with the post-
edited translations to translate between English
and Croatian. On the evaluation datasets, they ob-
serve improvements in all configurations in ChrF++
and COMET scores, in all cases except English-
Croatian LLM-based translation. The authors
ablate the effect of human post-edition by fine-
tuning the NLLB-based models using the original
machine-translated Croatian Seed sentences, find-
ing that the post-edited data always wins.

4.2 Other contributions
Not all contributors to the OLDI datasets submitted
shared task papers. In the past year, Seed incorpo-
rated new translations for Mauritian Creole (Raj-
coomar, 2025), Mongolian in traditional Mongo-
lian script (Zhang et al., 2025), Khakas, Sudanese
Arabic (Samil and Adelani, 2026), Haryanvi, Bodo,
Garhwali, Konkani, Rajasthani, Malvi and Marwari
(Singh et al., 2024). FLORES+ also received cor-
rections for Amharic and Turkish. SMOL received
translations into Abaza, Brahui, Tigre, Juhuri, NKo,
and Khakas; and Gatitos received 1,052 transla-

tions of Cantonese food items. For a detailed list
of changes and attributions, see the CHANGELOG.md
files and dataset cards in the FLORES+, OLDI-
Seed, and SMOL repositories.

5 Discussion

The third iteration of the Open Language Data
shared task turned out as fruitful as the previous
two, with 10 submissions, 13 involved language
varieties, and 5 datasets that the contributions tar-
geted.

An important theme of this year is fine-grained
variation of a language: Ali et al. (2026), Frontull
et al. (2026), and Signoroni and Rychlý (2026) all
explicitly contrast several dialects of the same lan-
guage, while Singh (2026) compares two writing
systems. Contributions such as these add more
depth to the coverage of the datasets, as they allow
developers to assess variation in language use.

This year, more submissions than before
(Ibrahim, 2026; Marmonier et al., 2026a,b; Zun-
danović et al., 2026) chose not to translate the train-
ing dataset contributions from scratch, but rather to
post-edit their machine translations and then vali-
date the contribution of the human post-edits to the
resulting data quality. We also observe a growing
degree of rigour in validating the overall quality of
the resulting translations, using a combination of
automatic quality estimation metrics, comparison
of machine translation outputs, and human eval-
uation. This is an encouraging development, as
it reflects the increasing appreciation in the com-
munity for the impact of high-quality multilingual
benchmarks.

With the recent progress of LLMs, the sentiment
is sometimes expressed that machine translation is
a "solved problem". This is not the case, as abla-
tion results from these submissions demonstrate.
Even for such a high-resourced language as French,
human post-edits are quantifiably better than the
best MT outputs; for translation into some lower-
resourced languages, LLMs appear to be inferior
to rule-based systems (Savoyard) or even struggle
to produce the correct target variety (Manipuri in
Meitei script). The newly contributed dataset ex-
tensions provide a leverage for improving the way
modern technologies handle the world’s linguistic
diversity.

https://huggingface.co/datasets/openlanguagedata/flores_plus
https://huggingface.co/datasets/openlanguagedata/oldi_seed
https://huggingface.co/datasets/openlanguagedata/oldi_seed
https://huggingface.co/datasets/google/smol
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6 Conclusion

We presented the results of the WMT 2026 OLDI
shared task. We accepted ten submissions covering
thirteen language varieties, extending five exist-
ing foundational datasets: FLORES+, BOUQuET,
Seed, SMOL, and WMT24+. We are truly grate-
ful to all participants for their work, and we hope
that these contributions are soon adopted by the
research community and used to enhance user-led
language technologies.
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A Translation guidelines

These translation guidelines must be acknowledged
by all translators who will be contributing data.

Important note
Your translations will be used to help train or eval-
uate machine translation engines. For this reason,
this project requires human translation.

• If you are translating data to be used for eval-
uation purposes (e.g. FLORES+), using or
even referencing machine translation output
is usually not allowed (this includes post-
editing). In exceptional circumstances, use
of CAT (computer-assisted translation) tools
and translation frameworks such as Apertium
may be admissible. This is decided on a case
by case basis: please contact the organisers to
discuss.

• If you are translating data to be used for train-
ing purposes, such as Seed, the use of post-
edited machine translated content is allowed,
provided all data is manually verified and
edited where necessary.

• CAUTION: Some commercial machine trans-
lation or LLM services – including DeepL,
Google Translate, ChatGPT, Claude and Gem-
ini – prohibit the use of their output for train-
ing other translation or AI models. Their use
is not permitted.

General guidelines
• You will be translating sentences coming from

different sources. Please refer to the source
document if available.

• Do not convert any units of measurement.
Translate them exactly as noted in the source
content.

• When translating, please maintain the same
tone used in the source document. For ex-
ample, encyclopedic content coming from
sources like Wikipedia should be translated
using a formal tone.

• Provide fluent translations without deviating
too much from the source structure. Only
allow necessary changes.

• Do not expand or replace information com-
pared to what is present in the source docu-
ments. Do not add any explanatory or paren-
thetical information, definitions, etc.

• Do not ignore any meaningful text that was
present in the source.
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• In case of multiple possible translations,
please pick the one that makes the most sense
(e.g., for gender concordance, cultural fit in
the target language, level of formality, etc.).

• Translations must be faithful to the source in
terms of pragmatics such as (if applicable)
level of hedging/modality, sentiment and its
intensity, negation, speech effects (disfluen-
cies), etc.

• For proper nouns and common abbreviations,
please see the guidelines on Named Entities
below.

• Idiomatic expressions should not be translated
word for word. Use an equivalent idiom, if
one exists. If no equivalent idiom exists, use
an idiom of similar meaning. If no similar
expressions exist in the target language, para-
phrase the idiom such that the meaning is re-
tained in the target language.

• When a pronoun to be translated is ambigu-
ous (for instance, when it could be interpreted
as either him/her or he/she), opt for gender
neutral pronouns (such as them/they) if those
exist in the target language. However, when a
pronoun to be translated is clearly marked for
gender, you should follow the source material
and continue to mark for gender.

• Foreign words and phrases used in the text
should be kept in their original language when
this is necessary to preserve the meaning of
the sentence (e.g. if given as an example of a
foreign word).

Named entities

Named entities are people, places, organisations,
etc., that are commonly referred to using a proper
noun. This section provides guidance on how to
handle named entities. Please review the following
guidelines carefully:

• If there is a commonly used term in the target
language for the Named Entity:

– If the most commonly used term is the
same as in the source language, then keep
it as it is.

– If the most commonly used term is a
translation or a transliteration, then use
that.

• If there is no commonly used term:
– If possible, a transliteration of the origi-

nal term should be used.

– If a transliteration would not be com-
monly understood in the context, and the
source term would be more acceptable,
you may retain the original term.
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