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Abstract

We present a French version of the SMOLSENT
corpus, a contribution to the WMT 2026
Open Language Data Initiative (OLDI) shared
task. Originally curated to maximize unique-
word coverage across 863 English sentences,
SMOLSENT constitutes a valuable, token-
efficient training set for the machine transla-
tion of low-resource languages. We describe
our translation workflow, which relied on a
custom-built interface to select and refine trans-
lation hypotheses generated by a traditional
encoder-decoder model, alongside two state-of-
the-art reasoning-enabled large language mod-
els (LLMs). Experimental validation based on
the MetricX-24-XXL model for quality estima-
tion, supported by bootstrap resampling signifi-
cance tests, indicates that human post-editing
results in significant quality improvements over
all raw model outputs, even as reasoning mod-
els like Gemma-4-31B-it achieve a competitive
39.51% zero-edit rate. This French partition is
not an end in itself, but a pivot resource meant
to facilitate ongoing data collection efforts for
under-resourced regional languages of France,
such as Savoyard and Gallo.

1 Introduction

While machine translation (MT) has advanced
tremendously in recent years, its progress remains
overwhelmingly concentrated on a small set of
high-resource languages (Joshi et al., 2020; Had-
dow et al., 2022). For most language varieties,
the development of state-of-the-art MT systems
is hampered by a lack of quality training and test
data. The WMT Open Language Data Initiative
(OLDI) shared tasks (Burchell et al., 2024; Dale
et al., 2025) aim to redress this imbalance by em-
powering language communities to expand key
foundational datasets. We contribute to this effort
by compiling a French version of the SMOLSENT

dataset (Caswell et al., 2025). Originally curated
to maximize unique-word coverage across 863 En-

glish sentences, SMOLSENT constitutes a valuable,
token-efficient training set for low-resource MT.

Since French is a high-resource language, this
new partition is naturally not an end in itself;
rather, it is meant to serve as a pivot for the under-
resourced languages of France, such as Savoyard,
Réunion Creole, or Gallo, languages which typi-
cally exist in a diglossic relationship with French
and whose translators are predominantly native
French speakers likely to benefit from a French
source text or to need it as a prerequisite.

In the following sections, in compliance with
shared task requirements, we present the French
language, our data collection process, which fol-
lowed a machine-translation-post-editing (MTPE)
approach, and the results of validation experiments
conducted through quality estimation.

2 Linguistic Overview

French is a Romance language.1 It evolved from
Vulgar Latin, which was brought into Northern
Gaul by the Roman conquest and gradually re-
placed the local Celtic languages, taking hold first
in urban centers before spreading across the wider
territory (Rickard, 2014). This spoken Latin was
markedly influenced by the Germanic languages
of the fifth-century invaders who toppled the Ro-
man Empire, and particularly by that of the Franks,
which caused the loss of final unstressed syllables,2

initiating a process of phonetic erosion that starkly
distinguishes French from its southern Romance
counterparts to this day. By the ninth century,
this spoken vernacular had diverged so much from
Latin that it was recognized as a distinct language,
with the Oaths of Strasbourg of 842 considered the
earliest French written document. In the following
centuries, the dialect of the Île-de-France region

1Some parts of this section draw closely on material and
language from our previous work (Marmonier et al., 2025).

2This point is now debated, however; see (Marchello-Nizia,
1995; Noske, 2009).
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Figure 1: The French language in the world. States where French is the majority native language; states
where it is a de jure official language; states where it is an administrative language or is culturally important
without holding official status. Map by Wikimedia Commons contributors.

(Francien) began to emerge as a standard due to the
political and cultural prominence of Paris.

This Old French still maintained a two-case de-
clensional system and was written according to
heterogeneous spelling conventions. The Middle
French period—spanning the fourteenth to early
seventeenth centuries—saw the final collapse of
this two-case system and significant phonological
changes, such as the muting of final consonants,
making French spelling increasingly complex and
etymological—a property for which French is
faulted to this day by second-language learners
and native speakers alike. The 1539 Ordinance of
Villers-Cotterêts established French as the exclu-
sive language of legal and judicial proceedings in
the Kingdom of France, while scholars and poets
like Joachim du Bellay fiercely defended it as a
literary medium capable of rivaling both Latin and
Greek (Du Bellay 2008 [1549]). During this time,
French vocabulary expanded massively through
deliberate borrowings from Latin, Greek, and Ital-
ian, at times replacing older Germanic loanwords.
In the seventeenth century, the French language
underwent rigorous codification and standardiza-
tion, spearheaded by grammarians like de Mal-
herbe (1862, [1606]) and Favre de Vaugelas (2009,
[1647]), as well as the newly founded Académie
Française.

This classical era established a rigid linguistic
standard that remained the preserve of a privileged

elite until the profound social upheavals of the
French Revolution at the end of the eighteenth
century. The revolutionary government viewed
the linguistic fragmentation of France as a direct
threat to national unity and republican ideals (Gré-
goire, 1794). This ideological stance drove the
First French Republic to actively repress and at-
tempt to destroy minority languages and regional
dialects, an aggressive nation-building effort sys-
tematically enforced through a highly centralized
administration, universal military conscription, and
later through compulsory state education. Concur-
rently, the French language was exported globally
through France’s expanding colonial empire, ini-
tially to the Americas and the Caribbean, where
colonization and the slave trade gave rise to French-
based creoles, and later to territories across Africa,
the Far East, and Oceania, and French consequently
became a major international language.

Today, the latest report of the Organisation In-
ternationale de la Francophonie (OIF) estimates
the global Francophone population at 396 million,
ranking French as the fourth most spoken language
worldwide (Organisation internationale de la Fran-
cophonie, 2026). However, this demographic op-
timism relies heavily on a new counting method
that includes millions of young African schoolchil-
dren and masks a contested geopolitical reality.
French is experiencing significant pushback in its
former colonies, losing ground to both indigenous
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languages and English. Following similar consti-
tutional downgrades by Mali and Burkina Faso,
Niger officially demoted French to a mere “work-
ing language” in early 2025, elevating Hausa to
the status of national language. Underscoring this
anti-colonial sentiment, all three Sahelian nations
formally withdrew from the OIF in March 2025.
French also faces fierce competition from English
in North African educational systems and a continu-
ous decline in second-language learner enrollments
internationally (Lusin et al., 2023; Collen and Duff,
2025). English pressure, moreover, is not confined
to France’s former colonies: within France itself,
English also dominates high-prestige domains like
scientific publishing (OST, 2024) and higher educa-
tion, and increasingly encroaches on the domestic
sphere, with some scholars arguing that a dramatic
surge of anglicisms across media, everyday speech,
and corporate branding is reshaping the French lan-
guage itself, in effect turning English into a linguis-
tic superstratum within France (Meney, 2024)—a
claim other linguists dispute (Les Linguistes atter-
rées, 2023).

Despite these trends, French still retains substan-
tial international standing, making it a valuable
pivot for future data collection efforts targeting
the under-resourced languages of France and its
former colonies. France French is one of several
standardized varieties of French; owing to its ex-
tensive documentation, we adopted it as the target
variety for our corpus.

3 Data Collection

In order to produce the French partition of
SMOLSENT, we adopted an MTPE workflow, a de
facto norm in the translation industry, particularly
for the English-French language pair (International
Organization for Standardization, 2017; ELIS Re-
search, 2026). We obtained a set of three candidate
translations per source segment, using three distinct
systems comprising a “traditional” NMT model—
NLLB-200 3.3B (NLLB Team, 2024)—and two
reasoning LLMs—Gemma-4-31B-it (Google Deep-
Mind, 2026) and DeepSeek V4 Pro (DeepSeek-AI
et al., 2026).

For NLLB-200 3.3B, inference was conducted
on the Jean Zay HPC cluster in FP16 precision
via the transformers library (Wolf et al., 2020),
using beam search decoding with a beam size of 4.

For the LLMs, we crafted zero-shot prompts—
one per source segment—giving the models the

Figure 2: Our custom-built post-editing interface,
adapted from Marmonier et al. (2025).

persona of an expert English-French translator,
asking for an accurate and fluent French transla-
tion of the English source segment, targeting the
France French locale. The prompts encouraged the
models to reflect on the task prior to outputting
the final target-language segment between spec-
ified <translation>...</translation> XML
tags. We provide a prompt sample in Appendix A.

Gemma-4-31B-it’s reasoning mode was trig-
gered through the addition of a <|think|> token at
the beginning of its system prompt, and inference
was conducted on the Jean Zay HPC cluster via
the vLLM framework (Kwon et al., 2023), with a
sampling temperature of 0.3.

For DeepSeek V4 Pro, candidate translations
were obtained via the official DeepSeek API with
the model’s reasoning effort set to “high”, the low-
est of the two settings available via the API at the
time.3

The candidate translations were extracted from
LLM output through regular expressions targeting
the specified XML tags and loaded into an online
post-editing interface we adapted from previous
work (Marmonier et al., 2025). The interface pre-
sented each source segment with the three previ-

3The DeepSeek API silently ignores any temperature pa-
rameter passed while reasoning mode is enabled; the value
used internally in this mode is not documented.
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ously generated candidate translations and allowed
the annotator to select the most promising trans-
lation hypothesis as a starting point and refine it
in an editable text field (see Figure 2). The post-
editors were the first and third authors of this work,
both native French speakers with C2 command of
English and translation experience.4

The SMOLSENT corpus was pleasant to translate,
with minimal terminological challenges (compared
to OLDI Seed, for instance) and no insurmount-
able complications resulting from disfluencies in
the crawled source segments.5 Out of the 863 seg-
ments that make up SMOLSENT, 495 (57.36%)
required no alteration in post-editing, which is not
unexpected for the language pair at hand.6 A break-
down of these zero-edit matches reveals a clear
advantage for the reasoning LLMs, with Gemma-
4-31B-it and DeepSeek V4 Pro producing the final,
unaltered translation for 39.51% (341 segments)
and 25.26% (218 segments) of the total corpus, re-
spectively. Conversely, the traditional NLLB-200
model lagged significantly behind its larger coun-
terparts, generating a zero-edit candidate for a mere
3.13% (27 segments) of the compiled dataset.

The final version of the dataset was reviewed
manually in the Grammalecte interface,7 and all
its quotation marks and apostrophes were normal-
ized to their straight forms ('' / '' and '), rather than
French guillemets (« / ») and curly apostrophes (’),
against official stylistic conventions but in keeping
with actual contemporary French digital writing
practices.8

We provide a random sample of the compiled
data in Appendix B.

4The second author, a native English speaker with C2
command of French, was consulted on occasion to dispel
ambiguities in the source segments.

5Segment #743 “The entire castle of every Disney movie
has featured a logo in the shape of an ‘s’!” was the only one
whose meaning was not immediately transparent.

6We note that a segment being left unaltered does not
reflect the silent post-editing work involved in verifying the
correctness of its terminology, for instance.

7https://grammalecte.net/
8We note that this normalization operation was deliber-

ately performed after the reported zero-edit matches were
computed rather than during the post-editing work so as to not
artificially distort these figures with trivial alterations. Should
users require strict adherence to official typographical norms,
restoring standard French guillemets and curly apostrophes
from their straight counterparts is a trivial operation using
regular expressions.

4 Experimental Validation

To assess the quality of the compiled French parti-
tion and measure the added value of human post-
editing over raw system outputs, we evaluated
all candidate translations alongside the final post-
edited dataset using MetricX-24-XXL9 (Juraska
et al., 2024) in a reference-free Quality Estima-
tion (QE) configuration. MetricX-24 scores predict
translation error on a continuous scale from 0 to
25, where lower values denote higher translation
quality.

Table 1 presents the mean MetricX-24-XXL
scores across all 863 segments. To determine
whether the differences in translation quality be-
tween “systems” were statistically significant,
we conducted paired bootstrap resampling tests
(Koehn, 2004), with 10, 000 resamples across all
pairwise system combinations (see Figure 3).
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Figure 3: Heatmap of MetricX-24-XXL score differ-
ences between raw system outputs and human post-
edits. Negative deltas (blue) indicate that the row sys-
tem outperforms the column system. Statistical signif-
icance was computed via paired bootstrap resampling
(10, 000 iterations); asterisks denote significance level
(∗ : p ≤ 0.05, ∗∗ : p < 0.01, ∗∗∗ : p < 0.001).

System MetricX-24-XXL (↓)

NLLB-200 3.3B 3.1143
DeepSeek V4 Pro 2.6595
Gemma-4-31B-it 2.5540
Human Post-Ed. 2.4434

Table 1: Mean MetricX-24-XXL Quality Estimation
scores across all 863 segments. Lower is better.

The validation results highlight three key empir-
ical observations.

9metricx-24-hybrid-xxl-v2p6

https://grammalecte.net/
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Human post-editing results in statistically
superior quality The final post-edited dataset
achieved the best overall score (2.4434), demon-
strating significant quality gains over all raw
model outputs—including Gemma-4-31B-it
(∆ = −0.111, p < 0.01), DeepSeek V4 Pro
(∆ = −0.216, p < 0.001), and NLLB-200 3.3B
(∆ = −0.671, p < 0.001).10

Reasoning LLMs outperform traditional NMT
Both reasoning-enabled LLMs generated sig-
nificantly higher quality candidate translations
than the traditional NLLB-200 3.3B baseline
(3.1143). Among the raw candidate systems,
Gemma-4-31B-it achieved the strongest perfor-
mance (2.5540), followed by DeepSeek V4 Pro
(2.6595).

Strict system hierarchy Pairwise significance
tests reveal a clear ranking among automated sys-
tems. Gemma-4-31B-it significantly outperformed
DeepSeek V4 Pro (∆ = −0.106, p < 0.05),
while both LLMs demonstrated a massive, sta-
tistically significant lead over NLLB-200 3.3B
(∆ = −0.560 and ∆ = −0.455, respectively;
p < 0.001).

5 Related Work

Data-driven approaches to MT have been explored
as early as the 1950s (Edmundson and Hays,
1958), but only came into their own in the early
1990s thanks to the pioneering work on statistical
MT (SMT) of IBM researchers (Brown et al. 1990;
Berger et al. 1994).11 Anecdotally, the French-
English language pair played a central role in these
seminal efforts, largely thanks to the Canadian
Hansard, a bilingual record of parliamentary pro-
ceedings. This role was so central, in fact, that a
lasting convention in SMT literature consisted in
using the letters f and e as the standard variables
denoting source (f rench) and target (english) lan-
guage strings in equations, regardless of the actual
languages considered.

Caswell et al. (2025) compiled SMOLSENT to-
gether with the larger SMOLDOC corpus as the
two sentence- and document-level components of
SMOL, an initiative that also incorporates the older

10We further note that our choice to normalize the quotation
marks and apostrophes to their straight forms might slightly
penalize the human post-edited translations in the eyes of
MetricX-24.

11Elements of this section draw closely on language from
our previous work (Marmonier et al., 2025).

GATITOS corpus of parallel wordlists (Jones et al.,
2023) and is continuously extended through volun-
teer efforts.12

SMOL is one of several open datasets targeted by
the OLDI shared task (Burchell et al., 2024; Dale
et al., 2025) in order to grow foundational MT re-
sources through community contributions. Among
these are also the OLDI Seed corpus (originally the
NLLB Seed corpus; NLLB Team et al., 2022; Mail-
lard et al., 2023; Cols, 2024; Ferrante, 2024; Haber-
land et al., 2024; Ahmed et al., 2024; Marmonier
et al., 2025; Oktem et al., 2025), the FLORES+
benchmark (Goyal et al., 2022; NLLB Team, 2024;
Gordeev et al., 2024; Kuzhuget et al., 2024; Ali
et al., 2024; Abdulmumin et al., 2024; Perez-Ortiz
et al., 2024; Mæhlum et al., 2025; Oktem et al.,
2025; Frontull et al., 2025; Lou et al., 2025; Samil
and Adelani, 2026), and test sets such as NTREX-
128 (Federmann et al., 2022), WMT24++ (Deutsch
et al., 2025; Vamvas et al., 2025) and BOUQuET
(Andrews et al., 2025). The present submission is
a small step in this effort—fittingly, on the SMOL
side.

6 Conclusion

We have presented a French partition of the
SMOLSENT corpus, produced through an MTPE
workflow in which candidate translations from
NLLB-200 3.3B, Gemma-4-31B-it, and DeepSeek
V4 Pro were selected and refined by native French
speakers in a dedicated interface. Of the 863 source
segments, 57.36% had at least one candidate trans-
lation that required no alteration on the part of
the post-editors, with the reasoning-enabled LLMs
accounting for the vast majority of these zero-edit
matches. Quality estimation with MetricX-24-XXL
nevertheless shows that human post-editing yields
statistically significant gains over every raw system
output, indicating that strong state-of-the-art LLMs
still benefit from human revision, even for a high-
resource language pair such as English-French.

This partition is intended primarily as a pivot re-
source for the regional languages of France, whose
translators are typically native speakers of French.
It has already served a similar purpose in a compan-
ion submission to the present shared task, where
its French segments were used as the source side
of a synthetic data pipeline for French→Savoyard
translation.

12See https://huggingface.co/datasets/google/
smol.

https://huggingface.co/datasets/google/smol
https://huggingface.co/datasets/google/smol
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Limitations

We acknowledge two related primary limitations
arising from this work.

First, because the English source segments are
isolated sentences drawn from a broader web crawl,
their original document-level context was not easily
recoverable. To account for the resulting ambigu-
ity, our post-editing strategy favored translations
that preserved the widest plausible range of mean-
ings, rather than committing to a single, context-
dependent reading. This cautious approach occa-
sionally came at the cost of stylistic fluency and
naturalness in the target language.

Second, our reliance on a machine translation
post-editing (MTPE) workflow introduces the well-
documented risk of translationese (Zhang and
Toral, 2019; Graham et al., 2020). Even with care-
ful human revision, target segments generated via
MTPE may retain lexical or syntactic traces of their
English source material—a phenomenon some-
times called “interference” by translation scholars
(Toury, 1995) and generally considered to be a uni-
versal property of translated texts, but one that is
likely more pronounced in an MTPE setting (Toral,
2019).
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A Prompt Sample

The following are populated examples of the sys-
tem and user prompts used to obtain translation
hypotheses from Gemma-4-31B-it and DeepSeek
V4 Pro.

System Prompt

You are an expert translator. Your working
languages are English and French.

User Prompt

Translate the following English segment
into French (for the France locale). Provide
a high-quality translation that is both
accurate and fluent. You can reflect on
the task, prior to producing your final
translation. Your final translation must,
however, be wrapped inside XML tags
thusly: <translation>your translation
here</translation>

Here is the English segment you must
translate:
Processes outgoing mail, maintains files,
orders supplies, and ships packages.

B Data Sample

We provide a random sample of the compiled
dataset in Table 2.
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ID English Source French Translation

53 The injured boy lost consciousness and fell
to the pavement and his blood imbued the
road dust.

Le garçon blessé perdit connaissance et
tomba sur la chaussée, et son sang im-
prégna la poussière de la route.

274 Drop by and say hello; stay strong and live
awesome, my friend.

Passe dire bonjour ; reste fort et vis ta vie
à fond, mon ami.

613 Madam, your glasses are fogged up! Madame, vos lunettes sont embuées !

787 He tells me he originally tried the injection
technique and, as he expected, it was too
fiddly and gave him zero success.

Il me dit qu’il a d’abord essayé la tech-
nique de l’injection et que, comme il s’y
attendait, c’était trop fastidieux et ne don-
nait aucun résultat.

417 What I mean is, you can’t buy stuff cheap
and sell it dear.

Ce que je veux dire, c’est qu’on ne peut
pas acheter des trucs bon marché et les
revendre cher.

286 You can arrange in rows, in a circular pat-
tern, whatever takes your fancy.

Vous pouvez les disposer en rangées, en
cercle, ou comme bon vous semble.

806 Sets were moved, lighting was adjusted,
and actors made costume changes.

Les décors ont été déplacés, l’éclairage
a été ajusté et les acteurs ont changé de
costume.

372 If you missed the signs of the first stage,
you will not have a clue that the cow
should have already delivered a calf.

Si vous avez manqué les signes du premier
stade, vous ne vous rendrez pas compte
que la vache aurait déjà dû vêler.

32 So, considering the ratio of net value
added to gross output does not yield a com-
plete picture.

Ainsi, le rapport entre la valeur ajoutée
nette et la production brute ne permet pas
d’obtenir une vision complète.

667 Use fresh basil, flax oil, or virgin coconut
oil and replace the cheese with yeast.

Utilisez du basilic frais, de l’huile de lin
ou de l’huile de coco vierge, et remplacez
le fromage par de la levure.

Table 2: Random sample of ten sentence pairs from the French partition of the SMOLSENT dataset.


	Introduction
	Linguistic Overview
	Data Collection
	Experimental Validation
	Related Work
	Conclusion
	Prompt Sample
	Data Sample

